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Twitter gets to be a standout amongst the most mainstream social networking sites, which permits the

clients to peruse and post messages (i.e. tweets). Among the immense assortments of subjects,

individuals in Twitter tend to express their opinions for the brands, superstars, products and open

occasions. Therefore, it draws in much thoughtfulness regarding assessment the swarm's sentiments in
Twitter. Sentiment analysis is a sort of natural language processing for following the inclination of people

in general around a specific product or subject. Sentiment analysis, which is additionally called, opinion

mining, includes in building a framework to gather and examine opinions.

Opinion mining, Twitter, tweets

INTRODUCTION

Opinion analysis is a fascinating exploration theme in both information extraction and knowledge discovery.
Found opinions can be utilized as a part of numerous applications. Opinion mining pulls in interest in both the
educated community and industry because of its potential relevance. A promising application is an analysis of
social networks opinions. Numerous compose their opinions in forums, micro blogging or review websites. This
data is helpful for organizations, governments, and people, who track attitudes and sentiments in such sites. Much
data containing valuable information is accessible, for programmed analysis. Case in point, a customer who
proposes to purchase a product ventures the Web to discover different customers/reviewers opinions about the
product. Such reviews influence the customer's choices. Opinion mining is the computational investigation of
content expressed opinions, sentiments and emotions. Opinions for any entity/object/product/individual exist on
the Web and additionally for features/segments of items like, cell phone batteries, keyboards, touch screen
displays, etc.

Twitter is a well-known micro blogging administration where clients make status messages (called "tweets").
These tweets a few times express opinions about different themes. A method was proposed to automatically
extract sentiment (positive or negative) from a tweet. This is extremely helpful in light of the fact that it allows
feedback to be accumulated without manual mediation. Customers can utilize sentiment analysis to research
products or administrations before making a buy. Advertisers can utilize this to research popular opinion of their
organization and products or to examine customer fulfillment. Associations can likewise utilize this to accumulate
basic feedback about issues in recently discharged products.

Twitter gets to be a standout amongst the most well-known social networking sites, which permits the clients to
peruse and post messages (i.e. tweets). Among the immense assortments of themes, individuals in Twitter tend to
express their opinions for the brands, VIPs, products and open occasions. Thus, it draws in much regard for
assessment the swarm's sentiments in Twitter.

Twitter messages have numerous special attributes, which separates our examination from previous exploration:
Length: The greatest length of a Twitter message is 140 characters. From proposed training set, it is compute that
the average length of a tweet is 14 words or 78 characters. This is exceptionally different from the previous
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sentiment classification look into that concentrated on characterizing longer assemblages of work, for example,
motion picture reviews.

Data availability: another difference is the greatness of data accessible. With the Twitter API, it is anything but
difficult to gather a great many tweets for training. In past examination, tests just comprised of thousands of
training things.
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Language model: Twitter clients post messages from numerous different media, including their cell phones. The
recurrence of incorrect spellings and slang in tweets is much higher than in different areas.

Domain: Twitter clients post short messages around an assortment of themes dissimilar to different sites which are
custom-made to a specific point. This differs from a huge rate of past exploration, which concentrated on specific
spaces, for example, film reviews.

The objective of feature selection is to pick a subset of features to diminish the length of feature vectors with the
least information misfortune. Feature selection plans as per their subset evaluation routines, arranged into two
groups: Filter and Wrapper. In channel routines, features assessed with their inborn impact on isolating classes
while wrapper systems use accuracy of the learning strategies to assess subset of features.

Feature selection offers various favorable circumstances, eliminating so as to include all the more effective

=] classification models unimportant or noisy features, more conservative and speedier models by building them
- utilizing just a little subset of the first arrangement of features, and the capacity to concentrate on a subset of
m" pertinent features, which can be utilized for the discovery of new knowledge.

LITERATURE REVIEW
1

Anjaria and Guddeti [1] presented the novel methodology of abusing the client influence factor with a specific end
goal to predict the result of an election result. Exploratory results exhibited that SVMs outperformed every other
i classifier with most extreme effective prediction accuracy of 88% if there should arise an occurrence of US
Presidential Elections held in November 2012 and greatest prediction accuracy of 58% in the event of Karnataka
State Assembly Elections held in May 2013. Sindhura and Sandeep [2] exemplified Opinion mining the
procedures and drew nearer that guarantee to precisely encourage the opinion-situated information looking for
systems that included computational regimen of opinion or subjectivity in the content. Different data-driven
strategies for opinion mining as Feature based Opinion Mining Technique, Machine learning based Opinion
Mining Technique, and Ranking model with an opinionatedness feature were reviewed and their qualities and
shortcoming are touched upon. Claster et al., [3] investigated motion picture sentiment expressed in Twitter
microblogs which utilizes, Self-Organizing Maps and film knowledge keeping in mind the end goal to model
opinion over a multi-dimensional sentiment space. The outcomes demonstrated the adequacy of the proposed
visualization in mining sentiment in the space of Twitter tweets. Weitzel et al., [4] meant to investigate pitched
stream of tweets from the Twitter microblogging webpage. In investigation comes about, the creators recognized
more neutral passionate states than positive or negative (31%). The creators likewise connected statistical
strategies with a specific end goal to derive if there exist correlation between client notoriety and enthusiastic
substance. Selvan and Moh [5] concentrated on the computational framework for quick feedback opinion mining
which requires a flexible platform to handle all the conceivable issues emerged from mining data streams of a
social networking site. The structure made utilization of ongoing Twitter data stream. The system is based upon
Apache Hadoop to manage tremendous volume of data streamed from Twitter. The investigations have
demonstrated an 84% accuracy in the sentimental analysis and it is ready to give quick, profitable feedbacks to
organizations. Aldahawi and Allen [6] broke down data gathered from Twitter and researched the fluctuation that
emerges from utilizing an automated sentiment analysis instrument versus human characterization. The proposed
results demonstrated that the two techniques yield altogether diverse positive, natural and negative arrangements
depending on society and the relationship of the blurb to the two organizations, raising doubt about the reliability
of automated sentiment analysis apparatuses for specific classes of clients. Bing and Chan [7] proposed a novel
matrix-based fuzzy algorithm, called the FMM framework, to mine the characterized multi-layered Twitter data.
Through sets of equivalent investigations connected on Twitter data, the proposed FMM framework accomplished
an excellent performance, with both quick processing paces and high predictive accuracy. Spencer and Uchyigit
[8] presented Sentimentor, an apparatus for sentiment analysis of Twitter data. Sentimentor used the gullible
Bayes Classifier to order Tweets into positive, negative or objective sets. The creators presented exploratory
evaluation of our dataset and characterization comes about, the proposed work found are not contridictory with
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existing work. Pak and Paroubek [9] concentrated on utilizing Twitter, the most mainstream microblogging
platform, for the undertaking of sentiment analysis. The creators demonstrated to consequently gather a corpus for
sentiment analysis and opinion mining purposes. Utilizing the corpus, the creators assemble a sentiment classifier
that can determine positive, negative and neutral sentiments for a report. Exploratory evaluations demonstrated
that the proposed systems are efficient and performs superior to anything previously proposed routines. In the
exploration, the creators worked with English, be that as it may, the proposed procedure could be utilized with
some other language. Narahari et al., [10] gave a powerful instrument to perform opinion designing so as to mine
an end to end pipeline with the help of Apache Flume, Apache HDFS, Apache Oozie and Apache Hive. To make
this procedure close continuous the creators contemplated the workaround of overlooking Flume tmp records and
expelling default hold up condition from Oozie work design. The proposed work investigated few of the
utilization cases that could be produced into real working models. Gokulakrishnan et al., [11] talked about a
methodology where an exposed stream of tweets from the Twitter microblogging webpage are pre-processed and
grouped in view of their enthusiastic substance as positive, negative and immaterial; and broke down the
performance of different arranging algorithms in view of their precision and recall in such cases. Further, the
proposed work exemplified the uses of this examination and its constraints. Altrabsheh et al., [12] talked about
how feedback could be gathered by means of social media, for example, Twitter and how utilizing sentiment
analysis on educational data could enhance instructing. The proposed work likewise presented the proposed
framework Sentiment Analysis for Education (SA-E). Mane et al., [13] gave a method for sentiment analysis
utilizing hadoop which would prepare the tremendous measure of data on a hadoop cluster quicker progressively.
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; Padmaja and Fatima [14] attempted to concentrate on the fundamental meanings of Opinion Mining, analysis of
linguistic resources required for Opinion Mining, few machine learning systems on the premise of their use and
tﬁ significance for the analysis, evaluation of Sentiment orders and its different applications. Saif et al., [15]
presented a review of eight freely accessible and physically annotated evaluation datasets for Twitter sentiment
analysis. The proposed work likewise gave a relative investigation of the different datasets along a few
9 measurements including: aggregate number of tweets, vocabulary size and sparsity. The creators likewise

researched the pair-wise correlation among these measurements and additionally their correlations to the
T sentiment arrangement performance on diverse datasets. Khan et al., [16] concentrated on these issues and

presented an algorithm for twitter bolsters order in view of a hybrid methodology. The proposed strategy included
different pre-processing ventures before encouraging the content to the classifier. Test results demonstrated that
the proposed method defeated the previous restrictions and accomplished higher accuracy when contrasted with
comparative systems. Montejo-Raez et al., [17] presented a novel way to deal with Sentiment Polarity
Classification in Twitter posts, by separating a vector of weighted nodes from the graph of WordNet. These
weights are utilized as a part of SentiWordNet to register a last estimation of the polarity. Technique proposed as a
non-supervised arrangement is space independent. The evaluation of a produced corpus of tweets demonstrated
that this strategy is promising. ElTayeby et al., [18] examined the media's influence on constructing so as to
isolate opinions an aspect-based opinion mining structure. The fundamental errand is to distinguish the isolated
groups of opinions by understanding the proposed model utilizing Expectation Maximization (EM) algorithm. The
creators indicated fascinating perceptions on the sentiment utilized for specific points among the groups of
opinions, and closed the rates of media influences among the isolated groups of opinions concerning these themes.
Saif et al., [19] presented SentiCircle; a novel vocabulary based methodology that considered the contextual and
reasonable semantics of words while figuring their sentiment orientation and quality in Twitter. Results are
focused yet uncertain when contrasting with condition of-workmanship SentiStrength, and differ starting with one
dataset then onto the next. SentiCircle outperformed SentiStrength in accuracy on average, yet falls insignificantly
behind in F-measure. Shrivatava et al., [20] concentrated on tweets that would bring about dissecting the
perspective of people in general on for the most part examined points. A tweets puller was created and the
grouping depends on features separated and arranged into POSITIVE, NEGATIVE and NEUTRAL. The
outcomes further assessed and finished up to gather the performance of the characterization through SVM. Saif et
al., [21] proposed a novel approach that naturally catches patterns of words of comparable contextual semantics
and sentiment in tweets. The creators utilized 9 Twitter datasets as a part of the evaluation and looked at the
performance of the patterns against 6 cutting edge baselines. Results demonstrated that the patterns reliably
outperformed every other benchmark on all datasets by 2.19% at the tweet-level and 7.5% at the entity-level in
average F-measure. Table-1 demonstrates the written works reviewed.
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Table 1: Comparison review of Literatures

S. Author | Techniques/Algorithm Used Merits
1 Anjaria and Guddeti [1] Support Vector Machines (Svms) Maximum Successful Prediction Accuracy
2 Sindhura and Sandeep [2] Opinion Mining Perform a computational analysis of opinions
3 Claster et al., [3] Movie Sentiment in Twitter Microblogs | Effective in visualization
4 Weitzel et al., [4] Publicized Stream of Tweets detggted more ngutral emotional states than
positive or negative
5 Selvan and Moh [5] Fast-Feedback Opinion Mining provide fast, valuable feedbacks
6 Aldahawi and Allen [6] Data Collected From Twitter Better result
7 Bing and Chan [7] Matrix-Based Fuzzy Algorithm high predictive accuracy
8 Spencer and Uchyigit [8] Sentimentor Better result
9 Pak and Paroubek [9] Microblogging Platform efficient and better performance
End To End Pipeline With The Help Of
10 Narahari et al., [10] Apache Flume, Apache HDFS, Better performance
Apache Oozie And Apache Hive
. Publicised Stream Of Tweets From
11 Gokulakrishnan et al., [11] The Twitter Microblogging Site Better performance
12 Altrabsheh et al., [12] Sentiment Analysis Improve teaching
13 Padmaja and Fatima [14] Opinion Mining, Analysis Of Linguistic Improv_ed in usage and importance for the
Resources analysis
14 Saif et al., [15] Twitter Sentiment Analysis Better performance
Twitter Feeds Classification Based On . .
15 Khan et al., [16] A Hybrid Approach achieved higher accuracy
=) Sentiment Polarity Classification In o "
16 Montejo-Raez et al., [17] Twitter Posts Promising techniques
17 ElTayeby et al., [18] if;p;?tﬁl;on AERITIEETED (2] detect the segregated groups of opinions
. . outperformed SentiStrength in accuracy on
18 Saif et al., [19] Senticircle average
19 Shrivatava et al., [20] Tweets Puller Better performance
Out-performed all other baselines on all
20 Saif et al., [21] Contextual Semantics And Sentiment datasets by 2.19% at the tweet-level and
- In Tweets 7.5% at the entity-level in average F-
measure.
CONCLUSION

Opinion mining attracts interest both in academia and industry due to its potential applicability. A promising
application is an analysis of social networks opinions. This data is useful for businesses, governments, and
individuals, who track attitudes and feelings in such sites. This study made a study on twitter sentiment analysis
and correlation is made on the procedures utilized, results acquired. This review is utilized to get an idea on how
to continue with this twitter sentiment classification to improve its accuracy, F-measures.

CONFLICT OF INTEREST

The authors declare no conflict of interests.

ACKNOWLEDGEMENT

None

FINANCIAL DISCLOSURE

None.

REFERENCES

[1] Anjaria, M., and Guddeti, R. M. R. (2014, January). Influence

[2]

factor based opinion mining of Twitter data using supervised
learning. In Communication  Systems and  Networks
(COMSNETS), 2014 Sixth International Conference on (pp. 1-8).
IEEE.

Sindhura, V., and Sandeep, Y. (2015, March). Medical data
Opinion retrieval on Twitter streaming data. In Electrical,

(3]

Computer and Communication Technologies (ICECCT), 2015
IEEE International Conference on (pp. 1-6). IEEE.

Claster, W. B., Hung, D. Q., and Shanmuganathan, S. (2010,
July). Unsupervised artificial neural nets for modeling movie
sentiment. In Computational Intelligence, Communication
Systems and Networks (CICSyN), 2010 Second International
Conference on (pp. 349-354). IEEE.

| Anuprathibha et al. 2016| IIOABJ | Vol. 7| 9 | 374-378

377

i
O
b4
z
O
7]
o
]
=
>
o
p=
@]
O




s
s
=
=
Q
o
o
a

SV/@) | =3 B

N g @)

=

SPECIAL ISSUE (ETNS)

[4] Weitzel, L., Aguiar, R. F., Rodriguez, W. F., and Heringer, M. G.
(2014, June). How do medical authorities express their sentiment
in Twitter messages?. InInformation Systems and Technologies
(CISTI), 2014 9th Iberian Conference on (pp. 1-6). IEEE.

[5] Selvan, L. G. S., and Moh, T. S. (2015, June). A framework for
fast-feedback opinion mining on Twitter data streams. In
Collaboration  Technologies and Systems (CTS), 2015
International Conference on (pp. 314-318). IEEE.

[6] Aldahawi, H., and Allen, S. M. (2013, September). Twitter mining
in the oil business: A sentiment analysis approach. In Cloud and
Green Computing (CGC), 2013 Third International Conference on
(pp. 581-586). IEEE.

[7]1 Bing, L., and Chan, K. C. (2014, December). A Fuzzy Logic
Approach for Opinion Mining on Large Scale Twitter Data. In
Proceedings of the 2014 IEEE/ACM T7th International Conference
on Utility and Cloud Computing (pp. 652-657). IEEE Computer
Society.

[8] Spencer, J., and Uchyigit, G. (2012). Sentimentor: Sentiment
analysis of twitter data. In Proceedings of European Conference
on Machine Learning and Principles and Practice of Knowledge
Discovery in Databases (pp. 56-66).

[9] Pak, A., and Paroubek, P. (2010, May). Twitter as a Corpus for
Sentiment Analysis and Opinion Mining. In LREC (Vol. 10, pp.
1320-1326).

[10] Narahari, P R., Nitin Srinivas, S. and Prashanth C M. (2015). Real
Time Opinion Mining of Twitter Data. International Journal of
Computer Science and Information Technologies, Vol. 6 (3),
2923-2927

[11] Gokulakrishnan, B., Priyanthan, P., Ragavan, T., Prasath, N., &
Perera, A. (2012, December). Opinion mining and sentiment
analysis on a twitter data stream. In Advances in ICT for
Emerging Regions (ICTer), 2012 International Conference on (pp.
182-188). IEEE.

*~DISCLAIMER: This article is published as it is provided by author and approved by guest editor. Plagiarisms and references are not checked by II0ABJ

ISSN: 0976-3104

[12] Altrabsheh, N., Gaber, M., and Cocea, M. (2013). SA-E:
sentiment analysis for education. In 5th KES International
Conference on Intelligent Decision Technologies.

[13] Mane, S. B., Sawant, Y., Kazi, S., and Shinde, V. (2014). Real
Time Sentiment Analysis of Twitter Data Using Hadoop.
International Journal of Computer Science and Information
Technologies,(3098-3100), 5(3).

[14] Padmaja, S., and Fatima, S. S. (2013). Opinion Mining and
Sentiment Analysis—An Assessment of Peoples’ Belief: A Survey.
International Journal of Adhoc, Sensor & Uboquitos Computing,
4(1), 21.

[15] Saif, H., Fernandez, M., He, Y., and Alani, H. (2013). Evaluation
datasets for twitter sentiment analysis: a survey and a new dataset,
the sts-gold.

[16] Khan, F. H., Bashir, S., and Qamar, U. (2014). TOM: Twitter
opinion mining framework using hybrid classification scheme.
Decision Support Systems, 57, 245-257.

[17] Montejo-Réez, A., Martinez-Cémara, E., Martin-Valdivia, M. T.,
and Urefia-Lopez, L. A. (2014). Ranked wordnet graph for
sentiment polarity classification in twitter. Computer Speech &
Language, 28(1), 93-107.

[18] ElTayeby, O., Molnar, P., and George, R. (2014). Measuring the
Influence of Mass Media on Opinion Segregation through Twitter.
Procedia Computer Science, 36, 152-159.

[19] Saif, H., Fernandez, M., He, Y., and Alani, H. (2014). Senticircles
for contextual and conceptual semantic sentiment analysis of
twitter. In The Semantic Web: Trends and Challenges (pp. 83-98).
Springer International Publishing.

[20] Shrivatava, A., Mayor, S., and Pant, B. (2014). Opinion Mining of
Real Time Twitter Tweets. International Journal of Computer
Applications, 100(19).

[21] saif, H., He, Y., Fernandez, M., and Alani, H. (2014). Semantic
patterns for sentiment analysis of Twitter. In The Semantic Web—
ISWC 2014 (pp. 324-340). Springer International Publishing.

| Anuprathibha et al. 2016] IOABJ | Vol. 7 | 9 | 374-378

378

i
O
b4
z
O
7]
o
]
'—
)
o
=
(@]
O




